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Abstract

This study aims to find out various factors affecting the Attitude towards 

using Mobile-payment and to propose a conceptual framework showing 

the relationship between independent, mediating and dependent 

variables on the basis of an in-depth literature review and validate it 

through empirical analysis. 

A systematic review of various research was done on mobile payments 

by collecting, reviewing and synthesizing studies that related to mobile 

payments published and accessible.  SPSS v.20 was used for all 

analyses. With the help of Regression analysis the proposed conceptual 

model and hypotheses were tested.

The findings of the study indicate that ATUMP is a significant factor in 

relation to behavioral intention to use mobile payments. This study 

provides new and important information about the factors affecting the 

spread of mobile payment services in Saudi Arabia

Key words: M-payment, Regression Analysis, KSA, Perceived Risk, 

Obseveability

Introduction: 

Financial services are just one of several industries that have benefited 

from the widespread adoption of internet and smartphone technology. 

This service alters the way people handle their money, beginning with 

the ease of online buying. Payments made via mobile devices are 

increasingly made using specialized apps downloaded onto cellphones. 

Users are able to buy and sell products and services from virtually 

anywhere with just their mobile phones and this service. Technology 

adoption can happen at any moment and in any place. The survival of 

businesses depends on their ability to participate in the introduction of 

cutting-edge technologies. 

Payments made via a mobile device using QR codes, near-field 

communications (NFC), one-time passwords (OTPs), and other forms 

of digital media eliminate the need for physical cash. For every mobile 

payment transaction, the user must maintain digital funds in an 

electronic wallet (Qi et al., 2020). The internet has revolutionized nearly 
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currency are the two most important factors in defining 

mobile payment (Dahlberget al., 2008). The most notable 

variations are the stages of the payment process—the 

initiation, the authorisation, and the confirmation—and the 

manner in which mobile payments are implemented using 

wireless or other communication technologies. Payment 

for goods, services, bills, and invoices can now be made 

through mobile device. An electronic payment model is one 

that is implemented through a mobile device (Humphrey et 

al., 1996). He et al. (2006) found that the use of mobile 

payments has significantly increased the volume of both 

local and international business transactions. Mobile 

payment's rising popularity is due in large part to the fact 

that it may be used in a variety of situations and requires 

nothing in the way of setup (Lee, 2009).When consumers 

link their mobile devices to the Internet and take advantage 

of communication technologies, they are able to make 

payments utilizing this specialized kind of electronic 

payment known as mobile payment (Dahlberget al., 2008). 

Smartphone adoption in Saudi Arabia has skyrocketed in 

recent years. The number of Saudis who own smartphones 

has climbed from 19 million in 2015 to 21 million in 2018, 

as reported by Jarvenpaa and Lang (2005). Due to the 

widespread adoption of smartphones and the development 

of innovative solutions, mobile payment is predicted to 

grow in popularity over time. 

Development of a Behavioural Intention 

As defined by Davis (1989), Behavioral Intention (BI) 

quantifies the likelihood that a consumer will make a future 

purchase or make use of a service. Numerous research have 

been conducted to determine what aspects of modern 

technology usage are most influential. If an individual 

believes that utilizing IT inside their information systems 

will boost their productivity at work, they are more likely to 

do so.

Performance Expectancy

The term "performance expectation" (PE) is used to 

describe a person's level of confidence that using a piece of 

technology will improve their efficiency and productivity 

(Venkatesh et al., 2012). For the purposes of this 

investigation, making financial transactions via mobile 

every industry in today's economy, making digital 

disruption the norm. All emerging digital platforms are 

vehicles for the distribution of data, goods, and money. 

Mobile devices are used to conduct the transaction without 

the need of currency or the assistance of a financial 

institution (Shankar & Rishi, 2020; Agusta, Joshua 

Widjaja, 2018).

Research into user attitudes toward adopting new 

technology has been conducted in a number of different 

ways. Several elements are regarded to impact people's 

inclination to adopt specific technologies, based on the 

evolution of prior models. Expectations of performance 

and effort, as well as the availability of favorable 

environmental and social influences, are among these 

elements. 

In a number of different nations, people's attitudes toward 

using mobile payment services have been the subject of 

research studies (Ting et al., 2016; Patil et al., 2020). In a 

few studies,  researchers examine what aspects influence  

Behavioral Intention to use a specific technology.

Through an in-depth literature review and subsequent 

empirical validation, this study seeks to identify a number 

of factors that influence Attitude toward adopting M-

payment and to provide a conceptual framework 

illustrating the link between independent, mediating, and 

dependent variables. 

LiteratureReview

Literature reviews based on scholarly journals and articles 

by other researchers are included here, along with 

discussions of pertinent theoretical models, frameworks, 

and hypotheses, to learn about the previous research and 

contributions made to the field of mobile payment studies 

among the intended audience.

Mobile Payment 

Mobile payments encompass any form of monetary 

transaction conducted over a mobile device, be it via voice, 

text, or Near Field Communication (NFC). As a result of 

mobile payments, mobile devices are now being used as 

digital wallets in place of traditional payment methods. 

Several research agree that the mobile devices used for 

payment and the payment function and the transfer of 
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payment is an attractive option. The widespread availability 

of smartphones also means that people can easily have 

access to mobile payment services (Slade et al., 2015). 

Adoption is hence likely to be influenced by increased 

economic rewards, convenience, and satisfaction.

An individual's "performance expectation" is their 

confidence that adopting the system would lead to better 

results in their work (Venkatesh et al., 2003). When people 

see that mobile payment systems improve their ability to 

transact or manage their finances, they will adopt them. The 

intent to employ mobile payment technology requires a 

description of the expected performance. Jung et al., (2020) 

has demonstrated that Performance Expectancy strongly 

influences the Behavioral Intention to employ particular 

technologies. 

H1 Performance Expectancy (PE) expressively stimulates 

the ATUMP solutions.

Effort Expectancy

Consumers' "Effort Expectancy" (EE) measures how 

simple they anticipate technology to be to use 

(Venkateshetal, 2012). Users' expectations that a system 

will be straightforward and trouble-free are known as 

"Effort Expectancy" (Venkatesh et al., 2003). People 

imagine that using an IT system would need no work on 

their part. The more intuitive and user-friendly mobile 

payment systems are, the more likely they are to be widely 

adopted by consumers (Al-Saedietal.,2020). However, due 

to the nature of mobile payment systems, they call for a 

particular level of expertise and familiarity. Therefore, user 

effort anticipation may play a significant role in 

determining whether or not they are willing to adopt such 

technology (Alalwanetal.,2017). In addition, many studies 

have found that the level of effort expected to use M-

payments is a major influence in whether or not people 

really use them (Al-Saedietal., 2020). In light of the 

foregoing,

H2 Effort Expectancy (EE) expressively stimulates the 

ATUMP solutions.

Social Influence  

Venkatesh et al. (2012) stated that One's level of social 

influence (SI) refers to how much consideration one gives 

to the thoughts and feelings of those closest to them when 

making technological decisions. According to a study by 

Dawi et al. (2013), users who belong to the same social 

group are more inclined to connect with one another and 

share their stories about the services they've used. When 

people in a certain social group talk to one another about 

their experiences using a service, it can increase both the 

knowledge of the service and the desire to use it among the 

group's members.

The adoption and use of mobile payment systems can be 

influenced by social influences if enough individuals have 

the same opinion that the technology is valuable (Nassar et 

al., 2019). A person's assessment of whether or not they 

should implement a behavior based on the views and 

expectations of influential references is a key component of 

social influence. Alshehri, Rutter, & Smith, (2019) has 

demonstrated that social influences have a major effect on 

people's attitudes toward adopting new technology. 

H3: Social Influence (SI)  expressively stimulates the 

ATUMP solutions.

Facilitating Conditions  

Individuals' awareness of the tools and help they have at 

their disposal to complete a task is referred to as 

"Facilitating Conditions" (FC) (Venkatesh et al., 2012). As 

was previously indicated, the ability to make mobile 

payments depends on having a compatible device and 

access to support services. Therefore, if users are 

convinced, they are more likely to implement mobile 

payment into their routines. provided they have access to a 

certain amount of support and resources, and if the mobile 

payment systems they use are compatible with the other 

technology they already employ (Oliveira, 2016).

Perceived availability and accessibility of resources and 

social backing for a given conduct (Venkatesh et al., 2003) 

are examples of Facilitating Conditions. The person has 

faith that the necessary technology infrastructure exists to 

facilitate widespread implementation of the system. People 

are more likely to embrace new technologies if they are 

confident in their availability and accessibility (Oliveira et 

al., 2016). Patil et al.(2020) revealed that Facilitating 

Conditions greatly affect the attitude toward utilizing a 
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H5 Trust/ Trustworthiness expressively stimulates the 

ATUMP solutions.

Observe ability: 

The "observability" of an innovation is defined as the 

simplicity with which its results can be seen by others (E.M. 

Rogers 1995). According to Chakravarty and Dubinsky 

(2005), skepticism and slow acceptance are risks associated 

with innovations that are difficult to monitor.  Therefore, a 

service innovation needs to grab the attention of its 

intended audience so that its intended audience can learn 

about the service. Based on this research, we recommend 

that Hypotheses be:

H6 Observeability (Observ) expressively stimulates the 

ATUMP solutions.

Perceived Risk  

Perceived risk was consistently shown as a barrier to 

adoption of new technologies (Slade et al., 2015). 

Furthermore, as described by Lee and Chung (2009), the 

word perceived risk is comprised of five factors: 

privacy/security performance, time, financial and social. 

Previous studies have found that consumers' unwillingness 

to take risks is a major impediment to the widespread 

adoption of mobile payments (Al-Saedi et al., 2020).

Kabir (2013) states that losses due to bugs or failures of 

mobile payment services constitute performance risk. The 

term "security risk" refers to the possibility of financial loss 

due to fraudulent activity or a hacker breaching a mobile 

banking user's security. Loss of money due to clerical 

mistakes or fraudulent usage of a bank account is an 

example of financial risk.

H7 Perceived Risk (PR) expressively stimulates the 

ATUMP solutions.

Attitude towards using M-Payment (ATUMP) 

Mobile payment was studied from a worldwide perspective 

by Liébana Cabanillas et al., (2014). Attitude was revealed 

to be a crucial factor in predicting mobile payment uptake. 

Attitude, as defined by Küçük (2012), is a person's 

inclination or propensity to feel a certain way about a thing, 

an idea, or a way of behaving. Intention to adopt the new 

technology was found to be strongly correlated with one's 

given technology. As a result, we can form the following 

hypothesis:

H4: Facilitating Conditions (FC) expressively stimulates 

the ATUMP solutions.

Trust/Trustworthiness 

After researching the company thoroughly, consumers 

develop trust in them as a trustworthy vendor. Honesty, 

dependability, kindness, and dependability are all 

components of trust (Pavlou, 2003). The level of trust that 

individuals have in the security of mobile payment systems 

is defined. Since mobile payment systems are still relatively 

new, users understandably have concerns about privacy and 

security (Septiani, Handayani, &Azzahro, 2017). Most 

mobile commerce takes place online, where there is no 

opportunity for a personal connection between the 

customer and vendor. Buyers are worried that the vendor 

may take advantage of them financially or with their 

personal data (Septiani et al., 2017). Therefore, consumers 

may be hesitant to make purchases from internet vendors 

due to their inherent suspicions and misgivings. Trust has 

been shown to have a beneficial effect on one's outlook on 

adopting a new technological system (Al- Saedi et al., 

2020).

Demircan and Ceylan (2003) defined trust as the 

willingness to put faith in another person, an event, or an 

object in the face of uncertainty in order to accomplish a 

goal. Researchers Kim et al. (2010) and Mallat (2007) 

investigated consumers' trust in mobile payment systems as 

a means of determining whether or not they would adopt the 

technology. The research found that customers lacked trust 

in mobile payment due to the unknowns and operational 

difficulties. It was discovered that distrust is a significant 

barrier to mobile payment system acceptance and intent to 

use. Using a sample from a developing market, Hiram et al. 

(2016) looked into how different ethnic groups' attitudes 

about mobile payment varied. This research drew on the 

theory of planned behavior and used trust as an antecedent 

to predict people's propensity to use mobile payment. 

Researchers found that trust significantly affects whether or 

not people plan to use mobile payments. This study 

suggests that, notwithstanding the divergent findings of 

prior research on trust;
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attitude toward it. The study found a substantial, favorable, 

and statistically significant link between attitude and 

intention to use (Kalkan, 2011). The outlook was seen as a 

robust predictor of additional variables. Empirical results 

(Daştan&Gürler, 2016) showed that people's trust, 

mobility, and attitudes all play a role in whether or not they 

use mobile payment systems.

H8 Attitude towards using M-payment (ATUMP) has vital 

impact on Behavioural intention to use M-Payment 

(BIUMP).

Research Objectives

This study aims to suggests how using of mobile payments 

changing the consumer's payment habits and spending 

patterns in Saudi Arabia.

The key objectives of the study undertaken:

(i) To find out various factors affecting the Attitude 

towards using  M-payment like M-wallets by 

consumers 

(ii) To assess the Attitude towards using  M-payment as a 

mediating variable influencing the consumers' 

Behavioural intention to use M-payment

(iii) To propose a conceptual framework showing the 

relationship between independent, mediating and 

dependent variables on the basis of in-depth literature 

review and validate it through empirical analysis

Proposed Framework

The proposed model includes and represents the 

relationship between seven influencing or independent 

factors as Performance Expectancy (PE); Effort 

Expectancy (EE); Social Influence (SI); Facilitating 

Conditions (FC); Trust/ Trustworthiness; Observeability 

(Observ) and Perceived Risk (PR), one mediating variable 

Attitude towards using M-Payment (ATUMP) and 

Behavioural intention to use M-Payment (BIUMP) as 

dependent variable (Figure 1).

Research Methodology

This research utilized both descriptive and causal 

comparative research designs. Descriptive research design 

was employed to recognize and clarify the factors that 

influence the Attitude towards using M-Payment(Figure 1). 

In contrast, causal comparative research design is applied to 

investigate how variables affect the adoption of mobile 

payments and, consequently, how this adoption influences 

Consumers' Behavioural Intentiontowards the Adoption of 

Mobile Payment. 

Data collection

The study was carried out in Saudi Arabia. The study 

regionsare located in the north-west of Riyadh. This 

research is founded on a questionnaire survey 

encompassing details such as age, gender, education level, 

and more in the first section. The second section is 

comprised of statements rated on a five-point Likert scale. 

These statements pertain to various factors selected for the 

Figure 1: Proposed Framework showing the relationship 

of factors influencing the attitude towards using M-

Payment and Behavioural Intention to use M-Payment.
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between the variables used and tells the closeness of one 

related variable to another (Senthilnathan, 2019). However, 

it is not useful in identifying causal relationship. For this 

regression analysis is used where one can ascertain the 

causal effect of one variable upon another (Sykes, 1993).A 

p-value of 0.05 was regarded as significant for all statistical 

tests. 

Results

Descriptive Statistics

Responses were analyzed for their demographic 

information using descriptive demographic data in terms of 

frequency of occurrence and percentage proportion. Table 1 

summarizes the socio-demographic characteristics of the 

participants. Among the 579 respondents, noticeably more 

males (340, 58.7%) participated than the females (239, 

41.3%); mostly were in the age group of 31-40 years (170, 

29.4%), and 246 (42.5%) were studied upto Professional 

level and 71(12.3%) were having bachelors degree.

study. It's worth noting that all of these statements have 

been borrowed from prior literature and adapted as 

necessary for this study. A total of 579 duly-filled 

questionnaires were obtained.

Statistical Analysis 

Descriptive analysis, Exploratory factor analysis, 

Correlational analysis, Regression analysis, were used in 

the present study. The descriptive analysis will provide 

insights into how common a phenomenon is within a 

particular population, as indicated by specific metrics 

(Loeb et al., 2017; Kusuma et al., 2022; Min, 2024; Na, 

2024). EFA aims to uncover the fundamental relationships 

between variables by condensing a large number of 

variables into a more concise set of factors or dimensions. 

It's possible that each observed variable relates to multiple 

factors, and the main goal is to identify how observed 

variables are associated with these factors. Variables that 

display strong correlations are likely affected by the same 

factor, whereas those with weaker correlations are probably 

influenced by different factors (Coni et al., 2019). 

Correlation analysis is used to find the extent of association 

Table 1 : Responder Profile

more noteworthy. In contrast, factor loadings of 0.50 or 

greater are considered to be highly significant. A factor 

loading of 0.50 or above has been set as the cut-off for the 

current investigation.

The factor analysis results show that Table No. 2 is 

appropriate for the data collected.

Exploratory Factor Analysis

For conforming constructs, the Exploratory Factor 

Analysis (EFA) was conducted using the PCA approach. A 

carefully considered parameter was used to authenticate the 

factor loadings, measuring factor loadings larger than 

>0.30 as deserving to meet the minimum level and >0.40 as 

 

  Frequency Valid% 

Gender profile Female 239 41.3% 

Male 340 58.7% 

Age profile 20-30 years 77 13.3% 

31-40 years 170 29.4% 

41-50 years 106 18.3% 

51-60 years 140 24.2% 

Above 60 years 86 14.9% 

Highest education level Bachelor Degree 71 12.3% 

Master Degree 156 26.8 % 

Professional Education 246 42.5% 

Other 106 18.4% 
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Table2: Results of Exploratory Factor Analysis

 

 
   Variable  

 
Statement 

 
Factor 

loadings 

KMO 
Measure of 

Sample 
Adequacy 

(>0.5) 

Bartlett's Test of 
Sphericity 

 
Items 

confirmed 

 
Items 

dropped 

 
Cum 
% of 

loading 
Chi 

Square 
Sig. 

(<.10) 

 
Performance 
Expectancy 

(PE) 
 

PE1 .905  
 

.737 

 
 

920.984 

 
 

0.000 

 
 

4 

 
 

1 

 
 

55.057 
PE2 .764 

PE3 .678 
PE 4 .419 
PE5 .846 

Effort 
Expectancy 

(EE) 

EE1 .775 .750 441.812 0.000 4 1 45.690 

EE2 .807 
EE3 .122 
EE4 .738 

EE5 .687 
Social 

Influence 
(SI) 

 

SI1 .198 .859 2129.956 0.000 4 1 70.780 
SI2 .924 

SI3 .941 
SI4 .948 
SI5 .928 

Facilitating 
Conditions 

(FC) 
 

FC1 .852 .749 548.834 0.000 4 0 59.113 
FC2 .809 
FC3 .576 

FC4 .808 
Trust 

 
Trust1 .948  

 
.714 

 
 

5816.280 

0.000 5 0 89.823 
Trust2 .943 

Trust3 .949 
Trust4 .955 
Trust5 .945 

Observability 
(Observ) 

 

Observ1 .885  
 

.826 

 
 
 
 

1670.767 

0.000 5 0 71.540 
Observ2 .904 
Observ3 .879 

Observ4 .823 
Observ5 .726 

Perceived 
Risk 
(PR) 

 

PR1 .626  
 

.674 

 
 
 

1197.966 

0.000 4 0 67.973 

PR2 .856 
PR3 .937 
PR4 .846 

 

Behav. 
intention to use 

M-Payment (BIUMP) 

BIUMP1 .855 .813 843.890 0.000 4 0 69.160 
BIUMP2 .853 

BIUMP3 .773 
BIUMP4 .842 

 
Attitude 

towards using 
M- Payment 
(ATUMP)  

ATUMP1 .852 .889 1365.649 0.000 5 0 70.339 

ATUMP2 .870 
ATUMP3 .790 
ATUMP4 .857 

ATUMP5 .822 
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for evaluation is 0.60 or higher. Usability and internal 

consistency are both determined by the range of 0.7 to 0.8. 

The results of reliability test are given in Table 3.

It was found to be greater than the cut-off value of 0.70 and 

to be within the acceptable range, the study adopted a 

Cronbach's alpha cut-off value of 0.7. This shows that any 

definitional scale satisfies the dependability requirements 

(Hoang & Chu, 2008). 

Reliability Analysis

The reliability test in this study is conducted using the 

Cronbach Alpha method, which serves as a measurement 

tool to assess the reliability of results for each variable. This 

method can be used to get rid of inappropriate variables 

from the study model. Hoang and Chu's (2008) suggestion 

is that the scale for Cronbach's Alpha coefficients or the 

permissible alpha value is as follows: the accepted cut-off 

Table 3 : Results of Reliability test

 

Variable  Cronbach alpha 

Performance Expectancy 0.781 

Effort Expectancy 0.747 

Social Influence 0.862 

Facilitating Conditions 0.753 

Trust 0.971 

Observability 0.900 

Perceived Risk 0.842 

Behav.  intention to use M-Payment (BIUMP) 0.851 

Attitude towards using M-Payment (ATUMP)  0.894 

If there is a strong correlation between the dependent and 

independent variables, it is possible to use them in a linear 

regression analysis. The absolute value of r's magnitude 

tells us how rigid a linear relationship is. The stronger the 

relationship between the two variables, and vice versa, the 

closer r is to 1.

According to table 4, the independent variable and 

dependent variables were discovered to be significantly 

correlated with one another among all the factors taken into 

account. The OB and ATMP variables showed the highest 

level of association (0.938), while BIUMP and EE showed 

the least significant correlation (.560).

Correlatıon Analysis

After the EFA and reliability analysis, the mean value is 

appropriately scaled, and controlled variables are coded for 

correlation analysis. When analyzing the connection 

between quantitative data, Pearson's correlation coefficient 

(r) is utilized to look at the linear relationship between 

components. Different statistics may be employed to 

investigate the relationship between the variables because 

all correlations between dependent and independent 

variables exhibit statistical significance. The correlation 

coefficient values further confirm that the multi-

collinearity problem is not present.

Table 4: Correlations analysis

 

 PE EE SI FC TR OB PR ATMP BIUMP 

PE 1         

EE .752** 1        

SI .909** .832** 1       

FC .872** .807** .903** 1      
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Regression Analysis

After doing a coefficient analysis, the researcher uses linear 

regression analysis and a significant level of 5% to test 

hypotheses, establish the statistical validity of the model 

assumption, and determine the impact of independent 

variables on dependent variables. Cronbach's Alpha was 

utilized to evaluate the study instrument's reliability, and 

factors analysis was employed to conduct validity testing. 

Linear Regression analysis was utilized to identify the 

predictor-criterion link between the dependent and 

independent variables. 

Regression summary for dependent variables: Attitude 

toward using M-Payment (ATUMP) is shown in Table 5a to 

be a significantly influenced by predictor independent 

variables EF, PE, FC, SI, TR, and PR to the extent of 

roughly 90.5%. Similarly, Behavioural intention to adopt 

Mobile Payment (BIUMP) in Saudi Arabia is shown in 

Table 5a to be a significantly influenced by mediating 

variable Attitude toward using M-Payment (ATUMP) 

using step-wise regression analysis to the extent of roughly 

94.4%. 

 

 PE EE SI FC TR OB PR ATMP BIUMP 

TR .869** .808** .910** .832** 1     

OB .867** .819** .928** .849** .946** 1    

PR .884** .763** .917** .866** .883** .890** 1   

ATMP  .866** .825** .904** .869** .912** .938** .873** 1  

BIUMP .798** .560** .671** .657** .643** .644** .675** .650** 1 

**. Correlation is significant at the 0.01 level (2-tailed).       

Table 5a: Model Summary

 

Model Predictors Dependent variable R R Square Adjusted R Square Std. Error of the Estimate 

1 PE, EE, SI, FC, TR, OB, PR ATUMP  .951a .905 .904 .255 

2 ATUMP  BIUMP .972a .944 .944 .189 

The results of the ANOVA in Table 5b for the regression model, show validation at a 95% confidence level.

Table 5b: ANOVA

 

Model Predictors Dependent 
variable 

Sum of 
Squares df Mean Square F Sig. 

1 PE, EE, SI, FC, 
TR, OB, PR 

ATMP  
302.766 7 43.252 665.883 .000b 

2 ATMP  BIUMP 298.750 1 298.750 8401.212 .000b 

Table 5c: Regression coefficients table for dependent variables

 

Predictors Dependent  

variable 

Unstandardized Coefficients Standardized 
Coefficients 

t Sig. 

B Std. Error Beta 

PE ATUMP  .089 .036 .091 2.460 .014 

EE ATUMP  .113 .030 .102 3.770 .000 

SI ATUMP  .074 .046 .086 1.616 .007 

FC ATUMP  .195 .037 .188 5.281 .000 
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Trust and OB as proposed by the study. A 9.1%, 10.2%, 

8.6%, 18.8%,  12% and 55.3%  change in the PE, EE, SI, 

FC, Trust and OB will result in 9.1%, 10.2%, 8.6%, 18.8%,  

12% and 55.3% change respectively in the intention to 

customers attitude towards using M-Payment (ATUMP).

Observability (OB) has a coefficient value of 0.553 and a 

significance level of 0.000. It follows that OB significantly 

influences and predicts customers' attitudes toward making 

M-Payments. Therefore, Observability (OB) contributes 

55.3% to the variance explanation of the dependent 

variable, i.e., ATUMP, after controlling for the variance 

explained by all other variables in the model. 

This suggests that customers' expectations of how mobile 

payments should function have a significant role in shaping 

their propensity to use M-Payment systems (ATUMP). 

However, the beta value for perceived risk (PR) is -0.086 and 

the p-value for PR is 0.107. Customers' ATUMP (attitude 

toward using M-Payment) is negatively impacted by their 

perception of risk. As a result, the ATUMP drops by 8.6 

percentage points for every one point rise in perceived risk. 

 Results of Hypotheses Testing

Eight initial hypotheses were put out for the conceptual 

research framework, and as can be seen in table 8, in which 

two are rejected and remaining six were ultimately approved.

The table 5c shows that the regression model is statistically 

significant (F-statistic = 8401.212, p < 0.001). This means 

that the model as a whole is a good fit for the data. The table 

also shows that all of the predictor variables are statistically 

significant (p < 0.05). This means that all of the predictor 

variables are making a significant contribution to the 

model. The standardized coefficients (Beta) can be used to 

compare the relative importance of the predictor variables. 

The standardized coefficient for ATUMP is the highest 

(0.972), which means that ATUMP is the most important 

predictor of BIUMP.  Overall, the regression results 

suggest that ATUMP is a valuable predictor of BIUMP. 

According to the coefficient summary in Table 5c, the 

factor's beta values are 0.972 and 0.553 which are 

essentially typical of the impact on BIUMP by ATUMP and 

on ATUMP by OB.

Customers' Attitude towards using M-Payment 

(ATUMP) as dependent variable

The result can be seen in Table 5C of the coefficients that 

PE, EE, SI, FC, Trust and OB have  beta coefficients of 

0.091, 0.102, 0.086, 0.188,  0.120 and 0.553. This shows 

that PE, EE, SI, FC, Trust and OB contribute to the 

prediction of the customers attitude towards using M-

Payment (ATUMP) in Saudi Arabia. This is also an 

indication that the ATUMP is dependent on PE, EE, SI, FC, 

 

Predictors Dependent  

variable 

Unstandardized Coefficients Standardized 
Coefficients 

t Sig. 

B Std. Error Beta 

Trust ATUMP  .101 .039 .120 2.591 .010 

OB ATUMP  .524 .048 .553 10.951 .000 

PR ATUMP  -.074 .046 -.086 -1.616 .107 

ATUMP  BIUMP .945 .010 .972 91.658 .000 

Table 8: Summary of Hypotheses Testing

 

Hy. 
No. 

Independent 
Variables  

Dependent 
Variables  

R- 
Square 

Beta 
Coefficient 

t-value Sig Value  Status of 
Hypotheses 

H1 Performance Expectancy(PE) ATUMP  

.905 

.091 2.460 .014 Accepted 
H2 Effort Expectancy(EE) ATUMP  .102 3.770 .000 Accepted 
H3 Social Influence(SI) ATUMP  .086 1.616 .007 Accepted 
H4 Facilitating Conditions(FC) ATUMP  .188 5.281 .000 Accepted 
H5 Trust ATUMP  .120 2.591 .010 Accepted 
H6 Observability(OB) ATUMP  .553 10.951 .000 Accepted 
H7 Perceived Risk(PR) ATUMP  -.086 -1.616 .107 Rejected 
H8 Attitude towards using M-Payment 

(ATUMP)  
BIUMP 

.944 .972 91.658 .000 
Accepted 
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Discussion

In the pursuit of consumers' behavioural intention to adopt 

mobile payment, especially in developed nation like Saudi 

Arabia, it is crucial to carefully incorporate factors such as 

EF, PE, FC, SI, TR, and PRinto mobile payment products 

and marketing campaigns. The findings demonstrate that 

factors including EF, PE, FC, SI, TR, and PR significantly 

influence consumers' behavioural intention to adopt mobile 

payment.  Based on the factor analysis results, it is 

recommended that m-payment systems be designed to be 

easy to use, secure, and trustworthy. Additionally, it is 

important to promote the benefits such as quick speed and 

convenience of m-payment to potential users and to make it 

easy for them to learn how to use it (Chen & Lai, 2023). 

As all but one (perceived risk) the dependent variables were 

positively correlated with behavioral intention to use M-

payment indicating that M-payment users are likely to be 

people who have a positive attitude towards M-payment. 

Another interesting finding is the strong correlation 

between effort expectancy and behavioral intention to use 

M-payment. This suggests that users are more likely to use 

M-payment if they believe that it will be easy to use. This is 

consistent with the theory of diffusion of innovations, 

which posits that one of the key factors that determines 

whether or not an innovation is adopted is its perceived ease 

of use (Yunus, 2014; Aizstrauta et al., 2015). Feeling 

comfortable to use a new technology is also essential and 

has been consistently found to be a strong predictor for 

positive behavioral intention to use M-payment (Duane et 

al., 2014;Chandra et al., 2010). In the present study, trust 

was found to have strong correlation with the Attitude 

toward using M-Payment (ATUMP) this is because users 

need to believe that M-payment systems are secure and that 

their personal information will be protected.

The negative correlation between perceived risk and 

behavioral intention to use M-payment is also consistent 

with previous research. This is because users are less likely 

to use a technology if they perceive it to be risky. M-

payment providers can reduce perceived risk by providing 

users with information about the security measures that are 

in place and by making it easy for users to resolve any 

problems that they may encounter.

On the other hand, users who perceive M-payment to be 

risky are less likely to use it. This is because perceived risk 

is negatively correlated with behavioral intention to use M-

payment. Risk associated with M-payments was found to 

be a determining factor by Duane et al. (2014) where safety 

and reliability was the most important factor in deciding 

whether people will make M-payments or not even if they 

find it useful and easy. Hence, it is important that M-

payment systems should be designed in a way that 

minimizes perceived risk. This could be done by providing 

users with information about the security measures that are 

in place and by making it easy for users to resolve any 

problems that they may encounter. 

Behavioural intention to use M-Payment 

(BIUMP) as dependent variable

Customers' ATUMP has a coefficient value of 0.972, with a 

significance level of 0.000. Behavioural intention to use M-

Payment (BIUMP) can be accurately predicted by ATUMP, 

indicating a favorable and significant impact. This means 

that 97.2% of the variation in BIUMP can be attributed to 

ATUMP. This suggests that attitudes toward mobile 

payment usability (ATUMP) play a significant role in 

influencing people's intentions to make use of mobile 

payments (BIUMP). The findings corroborate those of 

Abebe and Lessa (2020), who found that a beta value of 

0.522 for attitude was statistically significant (p > 0.05). 

Research into what factors influence Indian consumers' 

willingness to adopt new payment methods found support 

for the conclusion.

Conclusion

The goal of this research was to determine the factors 

affecting the behavioral intention to use mobile payments 

in Saudi Arabia. In this study, the conceptual model based 

on seven independent variables and one mediating variable 

influencing the dependent variable i.e. behavioural 

intention to use mobile payments (BIUMP) was proposed. 

According to the findings of this investigation, the factors 

that influence the Attitude towards using  M-payment 

(ATUMP)  are Performance Expectancy (PE); Effort 

Expectancy (EE); Social Influence (SI) ; Facilitating 

Conditions (FC); Trust/ Trustworthiness; Observeability 
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�Alternative theoretical frameworks that explain why 

people in Saudi Arabia are adopting mobile payment 

could be investigated in future studies. Perspectives and 

insights from various theories may be gained.

�It may be helpful to increase the size of the sample or 

change the demographics of the research group. The 

factors influencing the uptake of mobile payment in 

Saudi Arabia could be better understood with data from 

a bigger and more representative sample.

References

�Agusta, Joshua Widjaja, N. (2018). “Mobile payments 

in Indonesia: Race to big data domination.” MDI 

ventures. Retrieved from: https://medium.com/ 

@joshuaagusta/mobile-payments-in-indonesia-race-

to-big-data-domination-e1fb23211fc4

�Al-Saedi, K., Al-Emran, M., Ramayah, T., &Abusham, 

E. (2020).“Developing a general extended UTAUT 

model for M-payment adoption.”Technology in 

Society, 62(January), 101293. DOI: https://doi.org/ 

10.1016/j.techsoc.2020.101293

�Alshehri, A., Rutter, M. J., & Smith, S. (2019). “An 

implementation of the UTAUT model for understanding 

students' perceptions of learning management systems: 

A study within tertiary institutions in Saudi Arabia.” 

International Journal of Distance Education 

Technologies,17(3),1–24. DOI: https://doi.org/ 

10.4018/IJDET.2019070101

�AlAlwan, A., Rana, N. P., Dwivedi, Y. K., &Algharabat, 

R. (2017). Social Media in Marketing: A review and 

analysis of the existing literature. Telematics and 

Informat ics .  DOI:  h t tps : / /doi .org/10.1016/  

j.tele.2017.05.008

�Abebe, F., & Lessa, L. (2020). Factors affecting mobile 

payment adoption by merchants in Ethiopia, African 

Conference on Information Systems and Technology, 

pp. 1-11.Retrieved from:https://www.researchgate.net/ 

publication/342643010_Factors_Affecting_Mobile_Pa

yment_Adoption_By_Merchants_In_Ethiopia.

�Aizstrauta, D., Ginters, E., & Eroles, M. A. P. (2015). 

Applying theory of diffusion of innovations to evaluate 

technology acceptance and sustainability. Procedia 

(Observ) and Perceived Risk  (PR). There is one variable 

i.e. Observeability (Observ) that has a high enough 

influence on Attitude towards using  M-payment 

(ATUMP), which contributes 55.3% to the variance 

explanation of ATUMP followed by Facilitating 

Conditions(FC) contributing 18.8% to the variance 

explanation of ATUMP. While Perceived Risk(PR) has 

negative impact on ATUMP.

The findings of the study indicate that ATUMP is a 

significant factor in relation to BIUMP (behavioral 

intention to use mobile payments). The positive correlation 

shown between the two variables lends credence to the 

study's central hypothesis.  As a result, it is intended that 

Saudi Arabia's mobile payment services will introduce 

novel elements to the country's existing payment 

infrastructure, giving consumers more flexibility in how 

they choose to make purchases. In conclusion, this study 

provides new and important information about the factors 

affecting the spread of mobile payment services in Saudi 

Arabia.

Study Limitations: The timing of data collection was 

staggered on purpose to reduce participant stress. One 

drawback of this method is that it limits the scope of any 

potential cross-analysis between various inventories 

because not all respondents can be polled. 

Despite accomplishing a number of its goals, this study has 

some serious drawbacks. The primary problem is that the 

sample size is small to draw any firm conclusions from the 

study. However, the study's sample size was also affected 

by respondents' reluctance to take part in the survey and 

their refusal to answer some questions. In addition, only 

Saudi Arabians were included in the analysis; data from 

other countries or areas was disregarded. Therefore, it may 

be contentious to extrapolate the study's findings to claim 

that all clients use mobile payment due to the variables 

described here.

Future Recommendation

�In the area, you should survey both people who plan to 

start using mobile payments and those who have no 

interest in doing so. The elements that affect both types 

of users could be better understood using this method.

115



Pacific Business Review (International)

www.pbr.co.in

Computer Science, 43, 69-77.

�Chandra, S., Srivastava, S. C., & Theng, Y. L. (2010). 

Evaluating the role of trust in consumer adoption of 

mobile payment systems: An empirical analysis. 

Communications of the association for information 

systems, 27(1), 29.

�Coni, A., Mellone, S., Colpo, M., Guralnik, J. M., Patel, 

K. V., Bandinelli, S., & Chiari, L. (2019). An 

exploratory factor analysis of sensor-based physical 

capability assessment. Sensors, 19(10), 2227.

�Chen, C. L., & Lai, W. H. (2023). Exploring the Impact 

of Perceived Risk on User's Mobile Payment Adoption. 

Review of Integrative Business and Economics 

Research, 12(1), 1-20.

�Chakravarty, S.; Dubinsky,(2005)“A. Individual 

investors' reactions to decimalization: Innovation 

diusion in financial markets.” J. Econ. Psychol. 2005, 

26, 89–103. DOI: https://doi.org/10.1016/j.joep. 

2003.10.003

�Duane, A., O'Reilly, P., & Andreev, P. (2014). Realising 

M-Payments: modelling consumers' willingness to M-

pay using Smart Phones. Behaviour & Information 

Technology, 33(4), 318-334.

�Davis, F. D. (1989). “Perceived usefulness, perceived 

ease of use, and user acceptance of information 

technology.” MIS Quarterly: Management Information 

Systems, 13(3), 319–340. DOI: https://doi.org/ 

10.2307/249008

�Daştan, İ., &Gürler, C. (2016). “Factors affecting the 

adoption of mobile payment systems: An empirical 

analysis.” EMAJ: Emerging Markets Journal, 6(1), 

17–24.DOI: https://doi.org/10.3390/math8101851

�Dahlberg, T.; Mallat, N.; Ondrus, J.; Zmijewska,(2008) 

A. Past, present and future of mobile payments research: 

A literature review. Electron.Commer. Res. Appl. 2008, 

7 ,  165–181.  DOI:  ht tps: / /doi .org/10.1016/  

j.elerap.2007.02.001

�Demircan, N., &Ceylan, A. (2003). The concept of 

organizational trust: Reasons and results. Journal of 

Management and Economy, 10(2), 139- 150.

�Dawi, N.M., Jusoh, A. and Nor, K.M. (2013). A 

conceptual model of customer behavioral intentions: 

moderating effects of switching barriers and social ties. 

Sains Humanika, 64(3), DOI: https://doi.org/ 

10.11113/jt.v64.2261

�He, Q.; Duan, Y.; Fu, Z.; Li, D. (2006).“An Innovation 

Adoption Study of Online E-Payment in Chinese 

Companies.” J. Electron. Commer.Organ. 2006, 4, 

4 8 – 6 9 .  D O I :  

http://dx.doi.org/10.4018/jeco.2006010104

�Hiram, T., Yusman, Y., Lona, L., & Wee, M. L. (2016). 

“Intention to Use Mobile Payment System: A Case of 

Developing Market by Ethnicity.”Procedia - Social and 

Behavioral Sciences, 224, 368 – 375. DOI: 

https://doi.org/10.1016/j.sbspro.2016.05.390

�H u m p h r e y,  D . B . ;  P u l l e y,  L . B . ;  Ve s a l a ,  

J.M.(1996)“Cash, Paper, and Electronic Payments: A 

Cross-Country Analysis.” J. Money, Crédit. Bank.1996, 

28, 914. DOI: https://doi.org/10.2307/2077928.

�Hoang, T., & Chu, N.M.N (2008). Analysis of research 

data with SPSS. Hong Duc Publishing House. Ho, D. V. 

(2014). Some solutions to perfect human motivation in 

VINAINCON. Industry and trade journal, 8-9, 88-89. 

�Jung, J.-H., Kwon, E., & Kim, D. H. (2020).“Mobile 

payment service usage: U.S. consumers' motivations 

and intentions.” Computers in Human Behavior 

R e p o r t s ,  1 ( F e b r u a r y ) ,  1 0 0 – 1 0 8 .  D O I :  

https://doi.org/10.1016/j.chbr.2020.100008

�Jarvenpaa, S.L.; Lang, K.R.(2005)“Managing the 

Paradoxes of Mobile Technology.” Inf. Syst. Manag. 

2005, 22, 7–23.DOI: https://doi.org/10.1201/ 

1078.10580530/45520.22.4.20050901/90026.2

�Kalkan, A. (2011). “KişiselTutum, Öznel Norm 

VeAlgilananDavranişKontrolününGirişimcilikNiyetiÜ

zerindekiEtkisi: ÜniversiteÖğrencileriÜzerineBir 

Uygulama.”Journal of SuleymanDemirel University 

Institute of Social Sciences, 14(2).Retrieved from: 

https://sbedergi.sdu.edu.tr/assets/uploads/sites/343/file

s/adnan-kalkan-27022013.pdf.

�Kim, C., Mirusmonov, M., & Lee, I. (2010).“An 

empirical examination of factors influencing the 

116



Volume 17 Issue 2 August 2024

www.pbr.co.in

�Nassar, A. A. M., Othman, K., &Nizah, M. A. B. M. 

(2019).“The impact of the social influence on ICT 

adoption: Behavioral Intention as mediator and age as 

moderator.”International Journal of Academic Research 

in Business and Social Sciences, 9(11).DOI: 

https://doi.org/10.6007/ijarbss/v9-i11/6620

�Oliveira, T., Thomas, M., Baptista, G., & Campos, F. 

(2016).“Mobile payment: Understanding the 

determinants of customer adoption and intention to 

recommend the technology.” Computers in Human 

B e h a v i o r ,  6 1 ( 2 0 1 6 ) ,  4 0 4 – 4 1 4 .  D O I :  

https://doi.org/10.1016/j.chb.2016.03.030

�Patil, P., Tamilmani, K., Rana, N. P., &Raghavan, V. 

(2020).“Understanding consumer adoption of mobile 

payment in India: Extending Meta-UTAUT model with 

personal innovativeness, anxiety, trust, and grievance 

redressal.”International Journal of Information 

M a n a g e m e n t ,  5 4 ( F e b r u a r y ) ,  1 0 2 1 4 4 .  

DOI:https://doi.org/10.1016/j.ijinfomgt.2020.102144

�Pavlou, P. A. (2003). “Consumer acceptance of 

electronic commerce: Integrating trust and risk with the 

technology acceptance model.” International Journal of 

Electronic Commerce,  7(3),101–134. DOI: 

https://doi.org/10.1080/10864415.2003.11044275

�Qi, S., Jin, K., Li, B., &Qian, Y. (2020).“The exploration 

of internet finance by using neural network.”Journal of 

Computational and Applied Mathematics, 369, 

1 1 2 6 3 0 . D O I :  h t t p s : / / d o i . o r g / 1 0 . 1 0 1 6 /  

j.cam.2019.112630

�Rogers, E.M. Di(1995),  “usion of Innovations, 4th ed.; 

Free Press: New York, NY, USA, 1995.”Retrieved from: 

https://www.scirp.org/(S(lz5mqp453edsnp55rrgjct55))

/reference/ReferencesPapers.aspx?ReferenceID=1786

060.

�Shankar, A., & Rishi, B. (2020).“Convenience matter in 

mobile banking adoption intention?”Australasian

Marketing Journal, (xxxx). DOI: https://doi.org/ 

10.1016/j.ausmj.2020.06.008

�Slade, E. L., Dwivedi, Y. K., Piercy, N. C., & Williams, 

M. D. (2015).“Modeling consumers' adoption 

intentions of remote mobile payments in the United 

intention to use mobile payment.” Computers in Human 

B e h a v i o r ,  2 6 ( 3 ) ,  3 1 0 - 3 2 2 .  D O I :  

https://doi.org/10.1016/j.chb.2009.10.013.

�Kabir, K.B., Hein, K. and Bhattacharya, S. (2013) 

Process Modelling of Dimethyl Ether Production from 

Victorian Brown Coal—Integrating Coal Drying, 

Gasification and Synthesis Processes. Computers & 

Chemical  Engineer ing ,  48 ,  96-104.  DOI:  

http://dx.doi.org/10.1016/j.compchemeng.2012.08.008

�Kusuma, K. B. M., Arora, M.,  AlZubi, A. A., Verma, A., 

& Andrze, S. (2022). Application of Blockchain and 

Internet of Things (IoT) in the Food and Beverage 

Industry. Pacific Business Review (International), 

15(10), 50-59.

�Loeb, S., Dynarski, S., McFarland, D., Morris, P., 

Reardon, S., & Reber, S. (2017). Descriptive Analysis in 

Education: A Guide for Researchers. NCEE 2017-4023. 

National Center for Education Evaluation and Regional 

Assistance.

�Lee, M.-C.(2009),“Factors influencing the adoption of 

internet banking: An integration of TAM and TPB with 

perceived risk and perceived benefit.”Electron.Commer. 

R e s .  A p p l .  2 0 0 9 ,  8 ,  1 3 0 – 1 4 1  D O I :  

https://doi.org/10.1016/j.elerap. 2008.11.006

�Liébana-Cabanillas, F., Sánchez-Fernández, J., & 

Muñoz-Leiva, F. (2014).“Antecedents of the adoption 

of the new mobile payment systems: The moderating 

effect of age.” Computers in Human Behavior, 35, 464-

478.DOI: https://doi.org/10.1016/j.chb.2014.03.022

�Mallat, N. (2007). “Exploring consumer adoption of 

mobile payments–A qualitative study.” The Journal of 

Strategic Information Systems, 16(4), 413-432DOI: 

https://doi.org/10.1016/j.jsis.2007.08.001

�Min, P.K., Mito, K. and Kim, T.H. (2024). The Evolving 

Landscape of Artificial Intelligence Applications in 

Animal Health. Indian Journal of Animal Research. 

https://doi.org/10.18805/IJAR.BF-1742

�Na, M.H. and Na, I.S. (2024). AI-Powered Predictive 

Modelling of Legume Crop Yields in a Changing 

Climate. Legume Research. https://doi.org/10.18805/ 

LRF-790

117



Pacific Business Review (International)

www.pbr.co.in

Kingdom: Extending UTAUT with Innovativeness, 

Risk, and Trust.” Psychology & Marketing, 32(8), 

860–873. DOI: https://doi.org/10.1002/mar.20823

�Septiani,R.,Handayani,P.W.,&Azzahro,F.(2017).“Fact

orsthataffectingbehavioural  intention in online 

transportation service: Case study of GO-

JEK.”Procedia Computer Science, 124, 504–512. DOI: 

https://doi.org/10.1016/j.procs.2017.12.183

�Saka, C., Sahin, Ö. and Küçük, M.M. (2012) 

Applications on Agricultural and Forest Waste 

Adsorbents for the Removal of Lead(II) from 

Contaminated Waters. International Journal of 

Environmental Science and Technology, 9, 379-394. 

DOI:  https://doi.org/10.1007/s13762-012-0041-y

�Ting, H., Yacob, Y., Liew, L., & Lau, W. M. 

(2016).“Intention to use mobile payment system: a case 

of developing market by ethnicity.”Procedia - Social 

and Behavioral Sciences, 224(August 2 0 1 5 ) ,

3 6 8 – 3 7 5 .  D O I :  h t t p s : / / d o i . o r g / 1 0 . 1 0 1 6 /  

j.sbspro.2016.05.390

�Venkatesh, V., Morris, M. G., Davis, G. B., & Davis, F. 

D. (2003).“User acceptance of information technology: 

Toward a unified view.” MIS Quarterly, 27(3), 425. 

DOI: https://doi.org/10.2307/30036540

�Venkatesh, Viswanath, James Y. L. Thong, and Xin Xu. 

(2012). “Consumer Acceptance and Use of Information 

Technology: Extending the Unified Theory of 

Acceptance and Use of Technology.” MIS Quarterly 36, 

no. 1 (2012): 157–78. DOI: https://doi.org/ 

10.2307/41410412. 

�Senthilnathan, S(2019). Usefulness of Correlation 

A n a l y s i s .  S S R N  E l e c t r o n i c  J o u r n a l .  

10.2139/ssrn.3416918.

�Sykes, A. O. (1993). An Introduction to Regression 

Analysis (Coase-Sandor Institute for Law & 

Economics. Working Paper No. 20, 1993).

�Yunus, M. (2014). Diffusion of innovation, consumer 

attitudes and intentions to use mobile banking. In 

Information and knowledge management (Vol. 4, No. 

10, pp. 12-18). 

118


